11" SHSRN National and International Conference [1]

9 September 2026 @ Ramkhamhaeng University, Thailand

THE INFLUENCE OF DIGITAL LEARNING AGILITY ON OPERATIONAL
PERFORMANCE THROUGH DIGITAL JOB CRAFTING: A CASE STUDY
OF A SMART ELECTRONICS MANUFACTURING FACTORY IN
CHONBURI PROVINCE

Kritsanadon CHUMSAI NA AYUTAYA" and Jutamard THAWEEPAIBOONWONG'
1 Faculty of Management Sciences, Kasetsart University, Sriracha Campus, Thailand;

kritsanadon.ch@ku.th (K. C.) (Corresponding Author)

ABSTRACT

This research aimed to examine the influence of digital learning agility on operational performance, mediated
by digital job crafting. Employing a quantitative research design, data were collected via questionnaires from a
sample of 200 personnel working in production lines and interacting with advanced manufacturing technologies
at a smart electronics manufacturing factory in Chonburi Province. The data were analyzed using descriptive
statistics including frequency, percentage, mean, and standard deviation, and Structural Equation Modeling
(SEM). The findings revealed that the structural model demonstrated a fit to the empirical data (CMIN/DF =
1.519, RMR = 0.005, RMSEA = 0.051, and CFI = 0.991). The hypothesis testing demonstrated that digital
learning agility directly and positively influenced digital job crafting (B = 0.721, p < .001) and operational
performance (B = 0.558, p < .001). Furthermore, digital job crafting had a significant direct positive effect on
operational performance (B = 0.352, p < .001), while also serving as a significant partial mediator in the
relationship between digital learning agility and operational performance (Indirect Effect = 0.254, p < .001). The
findings can be used as a guideline for developing employees’ ability to learn and adapt their work practices,
thereby supporting digital transformation and sustainably improving production efficiency.
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191
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RO
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DRC DCC
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Predictor — Outcome DE IE TE
DLA — OP 0.558*** 0.254*** 0.811***
DLA — DJC 0.721*** - 0.721***
DJC — OP 0.352*** - 0.352***

DE = 8n3wan19a3d (Direct effect); IE = 8nSWan1ds8au (Indirect effect); TE = 8NSWa3IN (Total effect).
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Hypothesis Path B p Result

H1 DLA — OP 0.558 e Wnluausundgiu
H2 DLA — DJC 0.721 Wwldanusundgn
H3 DJC — OP 0.352 e Wnluausundgiu
H4 DLA — DJC — OP  0.254 e Wnluamusundgiu

%5 < 001



[10]

a@uazaﬁﬂsmwamﬁﬁ'ﬂ

o v a aa ¥ '

midnsIspaisiiiiaglmdiieanareuininavesanuadasimlunaiiouiifedinvia (DLA) Nildanants
Ud@nuaud Juans (OP) dmununnmaiduaiudsssiiunainatiuudsiuddiva (0Jc) luusunaes
Iiw’mqmm‘ﬂmmSLﬁﬂmaﬁﬂ675%1a,‘%f;lﬂmww”@umﬁmwmﬂmfuaaﬂ (EEC) HamTataszhaloluiaa

o o a

&UN15LATIEI (SEM) ‘wu'jﬂuL@aﬁmwmmﬁuﬂumagamaﬂszﬁ'ﬂﬁlﬂuamaﬁ WRTFNNATIUNIIILNG 4

fa"lﬁ%’ummﬁfuagmﬁmm NI0AUTIUNA LA

¥ [

BNBNANIIATIZIANNARDIAI LWNITL 38 WIBIRINaAananIsUYIRIIwa Rl iR 1suazn1S
USUUAIIIWBIAING (H, waz H,)
HaN13398WU1 DLA d8nTwan1vasaifouanda OP (B =0.558, p <.001) uaasliiiuiininaund
a % o« o a ‘A v d4 a a ea Y a ea dad
anuaansnlumaiouiuazdivardamaluladlmidumiliunazdinansjuGnudrud judnsndau ua
= g o ) Ao . . ) A v o & a
NIANBREDAATBINLINUIILYEY Indrawan et al. (2025) Uaz Tripathi and Kalia (2024) NAWLAITNENWUETLT
vanszninanuadasdlumasauinuian s Jodnuseaninnuuaziam s inausesndng wans
a (% v & a a a . ] % @
Aashgouaasliiinin DLA f8nTwanisasafeuands DIC (B =0.721, p< .001) GygaaasoINy
Cardenas-Mufioz et al. (2024) ﬁ‘wumwﬁuw”uﬁizwjnmmﬂdaaﬁ'ﬂumiﬁwﬁ (Learning Agility) NUN13
13UUe997% (Job Crafting)
ansnaaIn1IlsuRAsIEIRINaAaNan UG TR IwARURTANS (H,)

NANN3A98WUIN DJC H8nTwan1sasaisuanda OP (B = 0.352, p < .001) ugasl¥iAwINTMINWENIMUTU
Asmsinuldnanzaunumaluladnldlunisinuddindenan1sd fidu nansdnefiseaasasny
. A v ' o ' o a wa [ [ .
Tims et al. (2015) FINUAMNFNAUTIZAININTUIVUAIUNUNANITUURNY uazaoaasaIny Shiet al.
(2023) AanauwIfanIsuudsnudidananasuemsdsunuliininzaunuusunveanalulad
[ (% 1 1 o 1 a aa o
unuImMnIaua il s @I M UE0INITUTURAIIIWRIAING (H,)
NAN1IAN®INLI1 DIC ¥iwsin Al uaulssanuunssw (Partial Mediator) 1@ U§NWHEIZA3149 DLA Uas
OP (Indirect Effect = 0.254, p < .001) uaadl#iAud1 A1wasasalunaTouiizedinadaninadananis
A wa o A wa & Y ' o ' A aa o A { o
YU JUANININIIAIIURTNIN8DNHIWNNTUTVUAINULTIATNE FINNN0DININNENIUEINIID
a o o o = NIEY o @ v aa o [y [ Ad) v &4 AL '
Fouduazliuamdamaluladlwildvziliaunsndivisnmsinuldinanzasiumaluladnls dsfiausan
[y a wva X ¥ 'Y o . { ' [ ' o
IAnansUJuauddn nansdneifizsaansesny Gisella et al. (2025) Awuin1sUsunaswduasuys
domumaﬁ'sm:ijmmmam"’ﬂun']il,’%wfﬁ‘quammn’mﬁ’mmﬁm’i’@miw ILax Panda and Singh
(2026) MWLM TLUTLUEAINUTUNUIMTUAIUUTFINIUTENTNIANNAFBIGIVBINRNIUA LR N TU TR
LBIUIANTIN
[ A vo Ao
datawaunsilasuannn1sIve
nanIAneuaadliinitasdninimaluladadvaunltlunszuiwnisndaalsidnnusamnuniswem
mwmm’mma\iwﬁfmmlumsﬁﬂufl,l,azﬂ%'ué'fwiamﬂiuiaﬁmu@J’ﬁ'um‘samuﬁmma‘[u‘[aﬁ' wanank
psnnmadiuudenuddiviadununidudiudsdnuzninanuadasmlunaTouiif@aivianunans
Ufifnudud jianms guinsassivagulininnudlanmaihanuiiazinaluladlniindsulenuiinns
o =2 @ o o A o o ad) o
vu nudadalamaldiauneuwinsdivdynezuismahnuimanzasnuansusnuwsanaluladnls
3l MIdiviEmavuadtagmeldnaspudugmnin anwdseans wazdaiwuaseinszuinninga

YDIBIANT



(1]

. e &
Patanannzlvn1sIduasica ly
nIdAnsRALTaYAULLNNAGATINY (Cross-sectional) kazAnswinnuanlssnugaswnisudianniaiing
WRILA ﬁaﬁi@ﬁwﬁ'@ﬂumiaﬁmﬂm’]wé’uw‘"uﬁ%am@;LLa:NaLm:miﬁnNavlﬂﬁwaﬁuﬁ'uu%ﬂﬁu annsgsld
ad 3 v =\ L= 1 & 1 v Aa = =% ] = 1
Armafivtayalasmafendleinauunazain Sienasinalfifannuewdodlumaienngudiadine uaniu
ﬂl’aa‘hﬂ”@@iammmm’m’lumsé’nﬁaNamﬁﬁ'ﬂﬂé'u"lﬂﬂ'amjuﬂ‘s:mml,ﬂ'mmﬂﬁﬁmmmwmm:m mauln
v = . . =S a A Aa ¥
au1Aaa19lEn13An®ILUYIzEEE1Y (Longitudinal Study) uazasnanidne ludsgaannisnauiifinisls
walulad@analunisngs iwenagauinluaasuIInasunumNsN AR IuUSUNNIuand9nwlansa b 3309
A waa L e ' ' = A o v A o o ' o
aRsanldiinsguaneduiauanaihandu ielwaunindsdnaansldingulszmnatdhwangld
dq' = o v 6 A a 1 U o A aa v .. . A
wananik anadnw1Jadod1uasdn1InIan1IUINIT LTU 112 HTIATNA (Digital Leadership) 38
v d' C a 1 di = 1 &v 1 Ayd 1 e e 6 1
snwuIasauNatuaunIUTuLE Y Nadnwdaduima ilunuindaanuduwuiszndng DLA, DJC

W8z OP 8t1dbs

LAN&E13D 1999

703 1ATAuL. (2564). inadianslsadauianisien (Ruwasifi 15). gutniiafagmasnalumInga.

Bakker, A. B., & Demerouti, E. (2007). The job demands-resources model: State of the art. Journal of
Managerial Psychology, 22(3), 309-328.

Bouland-van Dam, S. I. M., Oostrom, J. K., & Jansen, P. G. W. (2022). Development and validation of the
Leadership Learning Agility Scale. Frontiers in Psychology, 13, 991299.

Buer, S. V., Strandhagen, J. O., & Chan, F. T. S. (2018). The link between Industry 4.0 and lean manufacturing:
mapping current research and establishing a research agenda. International Journal of Production
Research, 56(8), 2924-2940.

Cérdenas-Mufioz, M., Rubio-Andrada, L., & Segovia-Pérez, M. (2024). Exploratory analysis on learning
behaviours that favour job crafting. Management Decision, 62(7), 2265-2291.

Cherns, A. (1976). The principles of sociotechnical design. Human Relations, 29(8), 783-792.

DeRue, D. S., Ashford, S. J., & Myers, C. G. (2012). Learning agility: In search of conceptual clarity and
theoretical grounding. Industrial and Organizational Psychology, 5(3), 258-279.

Fornell, C., & Larcker, D. F. (1981). Evaluating structural equation models with unobservable variables and
measurement error. Journal of Marketing Research, 18(1), 39-50.

Ghosh, S., & Muduli, A. (2020). Learning agility, technology, culture and organisational performance: An
explorative study. In D. M. Pestonjee & S. Pal (Eds.), Human resource development and MSME
development (pp. 181-196). Bookwell.

Gisella, V., Zamralita, & Purwono, R. U. (2025). Enhancing learning agility, job crafting, and innovative work
behavior: Strategies to thrive in a competitive industry. International Journal of Social Service and
Research, 5(6), 650-661.

Hair, J. F., Black, W. C., Babin, B. J., & Anderson, R. E. (2019). Multivariate data analysis (8th ed.). Cengage
Learning.

Indrawan, A. C., Pertiwi, T. K., & Swasti, I. K. (2025). The effect of leadership style and learning agility on job
performance through innovative work behavior in employees of PT. New Rate of Blessings. American

Journal of Economic and Management Business, 4(12), 2031-2043.



[12]

Kline, R. B. (2005). Principles and practice of structural equation modeling (2nd ed.). Guilford Press.

Lichtenthaler, P. W., & Fischbach, A. (2019). A meta-analysis on promotion- and prevention-focused job
crafting. European Journal of Work and Organizational Psychology, 28(1), 30-50.

Liu, T., Wu, C., Zhang, K., & Ge, M. (2025). Impact of technological turbulence and competitive intensity on
employee job performance: The role of workplace digitalization and job crafting. PLoS ONE, 20(8),
e0330710.

Lombardo, M. M., & Eichinger, R. W. (2000). High potentials as high learners. Human Resource Management,
39(4), 321-329.

National Strategy Secretariat Office. (2018). National strategy 2018-2037 (summary). Office of the National
Economic and Social Development Board.

Panda, P., & Singh, P. (2026). Resilient and agile employees' pursuit of innovative performance and well-being:
the role of job crafting. Global Knowledge, Memory and Communication, 75(1-2), 300-315.

Shi, Y., Xie, J., Wang, Y., & Zhagn, N. (2023). Digital job crafting and its positive impact on job performance:
The perspective of individual-task-technology fit. Advances in Psychological Science, 31(7), 1133-1145.

Slemp, G. R., & Vella-Brodrick, D. A. (2013). The job crafting questionnaire: A new scale to measure the extent
to which employees engage in job crafting. International Journal of Wellbeing, 3(2), 126-146.

Swink, M., Narasimhan, R., & Wang, C. (2007). Managing beyond the factory walls: Effects of four types of
strategic integration on manufacturing plant performance. Journal of Operations Management, 25(1),
148-164.

Tims, M., Bakker, A. B., & Derks, D. (2012). Development and validation of the job crafting scale. Journal of
Vocational Behavior, 80(1), 173-186.

Tims, M., Bakker, A. B., & Derks, D. (2015). Job crafting and job performance: A longitudinal study. European
Journal of Work and Organizational Psychology, 24(6), 914-928.

Tortorella, G. L., & Fettermann, D. (2018). Implementation of Industry 4.0 and lean production in Brazilian
manufacturing companies. International Journal of Production Research, 56(8), 2975-2987.

Tripathi, A. (2024). Organizational learning culture and firm performance: The mediating role of learning agility.
Vikalpa: The Journal for Decision Makers, 49(2), 129-142.

Tripathi, A., & Kalia, P. (2024). Examining the effects of supportive work environment and organisational
learning culture on organisational performance in information technology companies: The mediating
role of learning agility and organisational innovation. Innovation: Organization & Management, 26(2),
257-277.

Wrzesniewski, A., & Dutton, J. E. (2001). Crafting a job: Revisioning employees as active crafters of their work.
Academy of Management Review, 26(2), 179-201.

Xanthopoulou, D., Bakker, A. B., Demerouti, E., & Schaufeli, W. B. (2007). The role of personal resources in

the job demands-resources model. International Journal of Stress Management, 14(2), 121-141.

Data Availability Statement: The raw data supporting the conclusions of this article will be made available by

the authors, without undue reservation.



[13]

Conflicts of Interest: The authors declare that the research was conducted in the absence of any commercial

or financial relationships that could be construed as a potential conflict of interest.

Publisher’s Note: All claims expressed in this article are solely those of the authors and do not necessarily
represent those of their affiliated organizations, or those of the publisher, the editors and the reviewers. Any
product that may be evaluated in this article, or claim that may be made by its manufacturer, is not guaranteed

or endorsed by the publisher.

Copyright: © 2026 by the authors. This is a fully open-access article distributed
@ ® @ @ under the terms of the Attribution-NonCommercial-NoDerivatives 4.0 International

(CC BY-NC-ND 4.0).




	THE INFLUENCE OF DIGITAL LEARNING AGILITY ON OPERATIONAL PERFORMANCE THROUGH DIGITAL JOB CRAFTING: A CASE STUDY OF A SMART ELECTRONICS MANUFACTURING FACTORY IN CHONBURI PROVINCE
	Kritsanadon CHUMSAI NA AYUTAYA1* and Jutamard THAWEEPAIBOONWONG1
	ABSTRACT
	This research aimed to examine the influence of digital learning agility on operational performance, mediated by digital job crafting. Employing a quantitative research design, data were collected via questionnaires from a sample of 200 personnel work...
	Keywords: Digital Learning Agility, Operational Performance, Digital Job Crafting, Electronics Manufacturing Factory, Digital Transformation
	CITATION INFORMATION: Chumsai Na Ayutaya, K., & Thaweepaiboonwong, J. (2026). The Influence of Digital Learning Agility on Operational Performance Through Digital Job Crafting: A Case Study of a Smart Electronics Manufacturing Factory in Chonburi Prov...
	อิทธิพลของความคล่องตัวในการเรียนรู้เชิงดิจิทัลที่มีต่อผลการปฏิบัติงานด้านปฏิบัติการผ่านการปรับแต่งงานเชิงดิจิทัล: กรณีศึกษาโรงงานอุตสาหกรรมอิเล็กทรอนิกส์อัจฉริยะแห่งหนึ่งในจังหวัดชลบุรี
	บทคัดย่อ
	การวิจัยครั้งนี้มีวัตถุประสงค์เพื่อศึกษาอิทธิพลของความคล่องตัวในการเรียนรู้เชิงดิจิทัลที่มีต่อผลการปฏิบัติงานด้านปฏิบัติการของพนักงานสายการผลิต ผ่านบทบาทการเป็นตัวแปรส่งผ่านของการปรับแต่งงานเชิงดิจิทัล โดยใช้รูปแบบการวิจัยเชิงปริมาณ เก็บรวบรวมข้อมูลผ่...
	คำสำคัญ: ความคล่องตัวในการเรียนรู้เชิงดิจิทัล, ผลการปฏิบัติงานด้านปฏิบัติการ, การปรับแต่งงานเชิงดิจิทัล, โรงงานอุตสาหกรรมอิเล็กทรอนิกส์, การเปลี่ยนผ่านสู่ดิจิทัล
	ข้อมูลการอ้างอิง: กฤษณดล ชุมสาย ณ อยุธยา และ จุฑามาศ ทวีไพบูลย์วงษ์. (2569). อิทธิพลของความคล่องตัวในการเรียนรู้เชิงดิจิทัลที่มีต่อผลการปฏิบัติงานด้านปฏิบัติการผ่านการปรับแต่งงานเชิงดิจิทัล: กรณีศึกษาโรงงานอุตสาหกรรมอิเล็กทรอนิกส์อัจฉริยะแห่งหนึ่งในจั...
	บทนำ

